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Technology Assisted Review (TAR) algorithms can be daunting. There is no need for
the average legal professional to know the complex algorithms and mathematics behind
the various TAR engines, but a basic knowledge may clear some things up and
increase their comfort level.

The Basics of TAR

At its core, TAR can be thought of as a much larger, more accurate key term search.
First, the software makes a list of every word that occurs in all of the documents.
Imagine a list of documents on the right and the words on the left, and the software has
drawn lines connecting the words to the documents in which they appear. When
attorneys mark a document as relevant, responsive or privileged the engine looks at all
the terms in that document, uses mathematics to make a determination about the most
and least important terms in that document and then ranks unseen documents by the
strength of the matching terms.

One may think of this as a sophisticated game of “red rovering.” Remember the
childhood game: “Red rover, red rover, send John over?” Once a document is marked
as relevant, the software goes over all the words in that document and those words get
red rovered, or sent over, to a very long, weighted term list that is then used to search
for additional documents that have those words. Then, the software iterates that
process so that as new documents are marked responsive, the corresponding new
terms are added to the list of search terms. The larger list helps the software predict the
documents that are responsive and rank them in order of highest likelihood of
responsiveness.

Continuous Active Learning

Some people fear TAR technologies because they do not want to chop off the learning
process at an arbitrary point. New TAR tools — like Insight Predict — absolve this fear
because they continue to play red rover until there is no reason to continue. These tools
use continuous active learning (CAL), which continues to learn with every additional
relevance judgment. CAL was shown in a recent Cormack-Grossman study to achieve
higher recall than finitely (limited training, stabilization-based) approaches in a recent
Cormack-Grossman study. The graphs below from the study visualize this.

Key Term Searches
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thousands of terms from relevant documents. The computer helps you conduct the
search, which is much bigger than any human could handle, by essentially running it in
the background and returning to you via the TAR interface the ranking over all the
documents in the collection, as determined by this long query. This eliminates the time
intensive process of creating the perfect key term query by hand.
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And just like Google returns results based on likelihood of relevancy, TAR ranks
documents in a prioritized order. Every hit will not need to be examined, as most of the
relevant documents will be at the top of the results, and relevant documents that are not
initially highly ranked will be found as the process continuously iterates (CAL) with every
new relevance judgment made.

Computer algorithms use a tried-and-true process to produce excellent results at a
scale that is difficult for humans to reproduce. And when the process guiding the TAR
algorithm is one of continuous active learning (CAL), with new knowledge constantly
improving the prioritization, there is no need to fear Technology Assisted Review.
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